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Abstract. With expanding of the knowledge base scale and increasingly complication of its structure, the problems of

the limited capability of first-order logic expose to be more and more serious, thus the application that based on

knowledge representation of higher-order logic is quite necessary. The original research based on KDK and KDK *

will inevitably lead to development and research of higher first-order logic. This paper first summarizes the knowl-

edge discovery that based on the knowledge base, then introduces the representation language of the high-order logic

knowledge-Escher, KDK and KDK * . At last, expands the connotation of Double-Bases Cooperating Mechanism

under the background of first-order logic, and illustrate the equivalence theorem of KDK * process model logic that

is facing the high-order logic.
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Element=String;

Atom_Type=Int;

Atom=Element X Atom_Type;

No=Int;

Name=String;

Atoms={ Atom} ;

Molecule= NoX Name X Atoms;

Escher 155 5 T 15 X4 G808 FEAR AL, B Mol-
ecule F1 Atom I [7) X 2 58 E F /) 2K, Escher
B ER X "R B2 Molecule fHl Atom [H S
KA. Ao A QRS R AR g R BRE R
N A

class Molecule{

int Noj;
String Name;
Set Atoms;

}

class Atom{

String Element;
int Atom_Type;

}
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